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Ytarget = 𝒇(𝝓source(𝑺))Frozen features: 
Increasing order of
properties
(i) CvDFT of small molecules → Cp of polymers
(ii) Thermal Conductivity of Polymers
XenonPy.MDL: pre-trained model library
XenonPy is a Python library that implements a comprehensive set of 
machine learning tools for materials informatics.
Transfer learning: from inorganic to organic 
Predictions of organic properties 
using corresponding inorganic NN models directly
Predictions of organic properties 
 using random forest model which be trained by using frozen features  from 
corresponding inorganic models
Volume; number of features: 254
Density; number of features: 297
Refractive index; number of features: 206
𝒀organic = 𝒇(𝝓inorganic(𝑺))Frozen features: 
XenonPy
https://github.com/yoshida-lab/XenonPy
• Pre-trained model library XenonPy.MDL
• Built-in data sets
• Library of materials descriptors
• Machine learning tools
• Visualization for descriptors
Retain the hidden layers to be frozen as a feature calculator re-
purposed on the supervised learning of a different property. 
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